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Abstract

Hard milling is widely used as an alternative to grinding for 

machining hardened steels while maintaining high surface 

quality. This study investigates the influence of cutting 

parameters on surface roughness during CNC hard milling 

of hardened 9CrSi steel (56–60 HRC) under CuO nanofluid-

assisted minimum quantity lubrication (MQL) conditions. 

Experiments were conducted on a Mazak VCS-530C 

vertical machining center using a nano-composite coated 

carbide end mill. A total of 45 experimental runs were 

performed by varying cutting speed (Vc), feed per tooth (fz), 

and depth of cut (d). The experimental data were analyzed 

using the Taguchi signal-to-noise ratio and analysis of 

variance (ANOVA). The results indicated that feed per tooth 

was the most influential factor affecting surface roughness, 

with a contribution of 44.36%, followed by cutting speed 

(42.22%) and depth of cut (6.74%). The minimum surface 

roughness of 0.21 μm was achieved at Vc = 150 m/min, fz = 

0.02 mm/tooth, and d = 0.10 mm. The findings confirm the 

effectiveness of CuO nanofluid MQL in improving surface 

quality during hard milling of hardened 9CrSi steel. 
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Introduction 

Hardened steels are widely used in the manufacturing of dies, molds, gears, and other critical mechanical components due to 

their excellent hardness, wear resistance, and dimensional stability [1, 2, 3, 4]. Traditionally, grinding has been employed as the 

final finishing process for hardened materials to achieve high surface quality. However, recent advances in cutting tool 

materials and CNC machining technologies have enabled hard milling to become a viable alternative to grinding. Hard milling 

offers several advantages, including reduced machining time, lower production costs, greater flexibility, and the ability to 

machine complex geometries in a single setup [5, 6, 7]. Consequently, improving surface quality in hard milling has become an 

important research topic in modern manufacturing. 

Surface roughness is one of the most significant indicators of machined surface quality because it directly influences the 

functional performance, wear resistance, fatigue strength, and service life of machined components  [8, 9, 10]. In hard milling 

operations, surface roughness is affected by various machining parameters, such as cutting speed, feed rate, and depth of cut  [11, 

12, 13, 14]. Among these factors, feed per tooth is often considered the dominant parameter due to its direct relationship with the 

geometrical formation of the machined surface. Therefore, understanding the influence of cutting parameters on surface 

roughness is essential for selecting appropriate machining conditions and improving product quality. 

In recent years, environmental concerns and the increasing demand for sustainable manufacturing have encouraged the 

replacement of conventional flood cooling methods with more eco-friendly lubrication techniques. Minimum Quantity 

Lubrication (MQL) has attracted considerable attention because it significantly reduces lubricant consumption while 

maintaining satisfactory machining performance [15, 16, 17, 18]. Furthermore, the incorporation of nanoparticles into base oils has 

led to the development of nanofluid-assisted MQL systems, which provide enhanced lubrication and heat dissipation 

capabilities. Among various nanoparticles, copper oxide (CuO) has demonstrated promising tribological and thermal 

properties, contributing to reduced friction, lower cutting temperatures, and improved surface finish during machining 

processes [19, 20]. 

The application of nanofluids in machining has emerged as an effective approach for enhancing the performance of MQL 

systems. Nanoparticles dispersed in a base lubricant can significantly improve thermal conductivity, load-carrying capacity,
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and tribological behavior at the tool–workpiece interface [21, 

22, 23, 24]. As a result, nanofluid-assisted MQL has been 

reported to reduce friction, decrease cutting temperature, 

suppress tool wear, and improve machined surface quality 

compared with conventional MQL [22, 25, 26]. Among various 

nanoparticles, copper oxide (CuO) is particularly attractive 

due to its good thermal conductivity, chemical stability, and 

relatively low cost. These characteristics make CuO 

nanofluids suitable for hard machining operations where 

effective lubrication and heat dissipation are critical for 

achieving superior surface integrity. 

Although numerous studies have investigated hard milling 

under MQL and nanofluid-assisted conditions, limited 

information is available regarding the machining 

performance of hardened 9CrSi steel under CuO nanofluid 

MQL environments. Therefore, this study aims to 

investigate the effects of cutting speed (Vc), feed per tooth 

(fz), and depth of cut (d) on surface roughness during CNC 

hard milling of hardened 9CrSi steel using CuO nanofluid-

assisted MQL. The experimental results are analyzed using 

the Taguchi signal-to-noise ratio and analysis of variance 

(ANOVA) to identify the most influential machining 

parameters and determine the optimal cutting conditions for 

achieving minimum surface roughness. 

 

Experimental Procedure 

The milling experiments were performed on a Mazak VCS-

530C CNC vertical machining center using a nano-

composite coated carbide end mill (D = 6 mm) 

manufactured by MOLDINO Tool Engineering, Ltd. 

(Japan). The workpiece material was hardened 9CrSi steel 

with a hardness of 56–60 HRC. 

A nanofluid-assisted minimum quantity lubrication (MQL) 

system was employed during machining. The lubricant 

consisted of canola oil mixed with 2 wt.% CuO 

nanoparticles. The lubricant was supplied at a flow rate of 

100 mL/h under an air pressure of 4 bar to improve 

lubrication and cooling performance in the cutting zone. 

Three machining parameters, namely cutting speed (Vc), 

feed per tooth (fz), and depth of cut (d), were selected as 

input variables. Each factor was investigated at three levels, 

as listed in Table 1. A total of 45 milling experiments were 

conducted, and the surface roughness (Ra) was measured as 

the response variable. The experimental data were analyzed 

using the Taguchi signal-to-noise ratio and analysis of 

variance (ANOVA). 

 
Table 1: Machining parameters and their levels 

 

Factor Level 1 Level 2 Level 3 

Vc (m/min) 100 125 150 

fz (mm/tooth) 0.02 0.03 0.04 

d (mm) 0.08 0.1 0.12 

 

Results and Discussion 

The experimental results of surface roughness obtained 

under different machining conditions are presented in Table 

2. The measured Ra values ranged from 0.21 to 0.46 μm, 

indicating that the selected cutting parameters significantly 

influenced the machined surface quality. The minimum 

surface roughness of 0.21 μm was achieved at a cutting 

speed of 150 m/min, a feed per tooth of 0.02 mm/tooth, and 

a depth of cut of 0.10 mm. In contrast, the highest Ra value 

of 0.46 μm was observed at Vc = 100 m/min, fz = 0.04 

mm/tooth, and d = 0.12 mm. 
 

Table 2: Experimental results of surface roughness in hard milling 

of 9CrSi steel 
 

Run Vc fz d Ra 

1 150 0.03 0.12 0.26 

2 150 0.02 0.1 0.23 

3 125 0.03 0.1 0.29 

4 150 0.03 0.08 0.245 

5 150 0.04 0.1 0.31 

6 100 0.03 0.12 0.34 

7 125 0.03 0.1 0.29 

8 100 0.02 0.1 0.3 

9 150 0.03 0.08 0.255 

10 150 0.03 0.12 0.275 

11 125 0.03 0.1 0.28 

12 100 0.03 0.08 0.32 

13 150 0.02 0.1 0.22 

14 125 0.03 0.1 0.29 

15 125 0.03 0.1 0.275 

16 125 0.04 0.08 0.315 

17 100 0.02 0.1 0.295 

18 150 0.03 0.08 0.24 

19 125 0.04 0.12 0.36 

20 100 0.04 0.1 0.4 

21 125 0.03 0.1 0.28 

22 150 0.04 0.1 0.3 

23 125 0.04 0.12 0.35 

24 100 0.03 0.12 0.36 

25 125 0.04 0.08 0.31 

26 125 0.02 0.08 0.26 

27 125 0.02 0.12 0.28 

28 100 0.02 0.1 0.29 

29 125 0.02 0.08 0.25 

30 125 0.02 0.12 0.27 

31 100 0.03 0.08 0.33 

32 100 0.03 0.12 0.37 

33 150 0.03 0.12 0.27 

34 125 0.03 0.1 0.28 

35 125 0.03 0.1 0.275 

36 150 0.04 0.1 0.32 

37 125 0.04 0.08 0.325 

38 100 0.03 0.08 0.325 

39 100 0.04 0.1 0.39 

40 100 0.04 0.1 0.38 

41 125 0.02 0.12 0.265 

42 125 0.03 0.1 0.275 

43 150 0.02 0.1 0.21 

44 100 0.02 0.08 0.28 

45 100 0.04 0.12 0.46 

 

The significance of machining parameters was evaluated 

using ANOVA, and the results are summarized in Table 3. 

All investigated factors exhibited statistically significant 

effects on surface roughness, with P-values lower than 0.05. 

Feed per tooth (fz) was identified as the most influential 

parameter, contributing 44.36% to the total variation in Ra. 

Cutting speed (Vc) was the second most important factor 

with a contribution of 42.22%, while depth of cut (d) 

accounted for only 6.74%. The model showed excellent 

agreement with the experimental data, achieving an R² value 

of 94.94%, indicating that the selected factors explained 

most of the variation in surface roughness. 
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Table 3: ANOVA results for surface roughness (Ra) 
 

Source DF Adj SS Adj MS F-Value P-Value C (%) 

Vc 2 0.047023 0.023511 158.57 0 42.22 

fz 2 0.049401 0.0247 166.59 0 44.36 

d 2 0.007506 0.003753 25.31 0 6.74 

Error 38 0.005634 0.000148 – – 5.06 

Total 44 0.111374 – – – 100 

R² (%) = 94.94 

 

 
 

Fig 1: Main effects plot of S/N ratios for surface roughness 
 

Figure 1 illustrates the main effects plot of S/N ratios for the 

smaller-the-better quality characteristic. Increasing the 

cutting speed from 100 to 150 m/min significantly improved 

the S/N ratio, indicating a reduction in surface roughness. 

This behavior can be attributed to smoother chip formation 

and reduced cutting forces at higher cutting speeds. In 

contrast, increasing the feed per tooth resulted in a 

substantial decrease in the S/N ratio due to the larger feed 

marks generated on the machined surface. The influence of 

depth of cut was comparatively less pronounced. Based on 

the S/N analysis, the optimal parameter combination for 

minimizing surface roughness was determined as Vc = 150 

m/min, fz = 0.02 mm/tooth, and d = 0.10 mm. 

 

Conclusions 

This study investigated the effects of cutting parameters on 

surface roughness during CuO nanofluid MQL-assisted hard 

milling of hardened 9CrSi steel. The results showed that 

feed per tooth was the most influential factor, contributing 

44.36% to the variation in surface roughness, followed by 

cutting speed (42.22%) and depth of cut (6.74%). The 

optimal cutting conditions were determined as Vc = 150 

m/min, fz = 0.02 mm/tooth, and d = 0.10 mm, resulting in a 

minimum surface roughness of 0.21 μm. The findings 

demonstrate that CuO nanofluid-assisted MQL is an 

effective lubrication technique for improving surface quality 

in CNC hard milling of hardened 9CrSi steel. 

 

Acknowledgment 

The authors acknowledge Thai Nguyen University of 

Technology for supporting this research. 

 

References 

1. Davim JP. Machining of hard materials. Springer 

Science & Business Media, 2011. 

2. Do T-V, Hsu Q-C. Optimization of minimum quantity 

lubricant conditions and cutting parameters in hard 

milling of AISI H13 steel. Applied Sciences. 2016; 

6(3):83. 

3. Grzesik W. Machining of hard materials. Machining-

Fundamentals and Recent Advances. Springer. London, 

UK, 2008, 97-126. 

4. Nguyen QM, Do TV, Nguyen TN. Minimization of 

temperature in cutting zone: A case study of hard 

milling of SKD 61 steel. Uni. J. Mecha. Eng. 2020; 

8(2):97-104. 

5. Tuan NA, Lam PD, Tuan TK, Huy VM, Giang TN, 

Hung LX. Optimization of dressing parameters for 

minimum surface roughness and maximum material 

removal rate in internal grinding of SKD11 tool steel. In 

E3S Web of Conferences, EDP Sciences, 2021, 01165. 

Accessed: May 20, 2025. [Online]. Available: 

https://www.e3s-

conferences.org/articles/e3sconf/abs/2021/85/e3sconf_i

cmed2021_01165/e3sconf_icmed2021_01165.html 

6. Asiltürk I, Akkuş H. Determining the effect of cutting 

parameters on surface roughness in hard turning using 

the Taguchi method. Measurement. 2011; 44(9):1697-

1704. 

7. Denkena B, Köhler J, Bergmann B. Development of 

cutting edge geometries for hard milling operations. 

CIRP Journal of Manufacturing Science and 

Technology. 2015; 8:43-52. 

8. Abouelatta OB, Madl J. Surface roughness prediction 

based on cutting parameters and tool vibrations in 

turning operations. Journal of Materials Processing 

Technology. 2001; 118(1-3):269-277. 

9. Do TV, Phan TD. Multi-objective optimization of 

surface roughness and MRR in milling of hardened 

SKD 11 steel under nanofluid MQL condition. 

International Journal of Mechanical Engineering and 

Robotics Research. 2021; 10:357-362. 

10. Phan T-D, Do T-V, Pham T-L, Duong H-L. 

Optimization of cutting parameters and nanoparticle 

concentration in hard milling for surface roughness of 

JIS SKD61 steel using linear regression and taguchi 

method. In Advances in Engineering Research and 

Application: Proceedings of the International 

Conference on Engineering Research and Applications, 

ICERA 2020, Springer, 2021, 628-635. 

11. Tran TH, et al. Improvement of wheel life by 

optimization of dressing parameters in surface grinding 

of SKD11 steel. In Materials Science Forum, Trans 

Tech Publ, 2021, 68-74. 

12. Do TV. Empirical model for surface roughness in hard 

milling of AISI H13 steel under nanofluid-MQL 

condition based on analysis of cutting parameters. 

Journal of Mechanical Engineering Research and 

Developments. 2020; 43(2):89-94. 

13. Aswal A, Jha A, Tiwari A, Modi YK. CNC turning 

parameter optimization for surface roughness of 

aluminium-2014 alloy using Taguchi methodology. 

Journal Européen des Systèmes Automatisés. 2019; 

52(4):387-390. 

14. Gupta MK, Sood PK. Surface roughness measurements 

in NFMQL assisted turning of titanium alloys: An 

optimization approach. Friction, June 2017; 5(2):155-

170. Doi: 10.1007/s40544-017-0141-2. 

15. Vu MH, Hue PTM, Huynh NT, Nguyen QM. Multi-

objective Optimization for Enhanced Material Removal 

Rate and Reduced Machining Roughness in Hard 

Turning of SKD61 Alloy Steel. Mathematical 

Modelling of Engineering Problems. 2024; 11(3). 

http://www.multiresearchjournal.com/


International Journal of Advanced Multidisciplinary Research and Studies   www.multiresearchjournal.com 

1615 

16. Dhar NR, Islam MW, Islam S, Mithu MAH. The 

influence of minimum quantity of lubrication (MQL) on 

cutting temperature, chip and dimensional accuracy in 

turning AISI-1040 steel. Journal of Materials 

Processing Technology. 2006; 171(1):93-99. 

17. Boswell B, Islam MN, Davies IJ, Ginting YR, Ong AK. 

A review identifying the effectiveness of minimum 

quantity lubrication (MQL) during conventional 

machining. Int J Adv Manuf Technol, September 2017; 

92(1-4):321-340. Doi: 10.1007/s00170-017-0142-3. 

18. Nguyen Q-M, Nguyen H-T, Le N-A-V, Nguyen T-N, 

Dang T-H-T, Do T-V. Investigation on the effect of 

nanofluid-MQL parameters on surface roughness 

during milling of hardened 9CrSi steel. In Proceedings 

of the 2nd Annual International Conference on 

Material, Machines and Methods for Sustainable 

Development (MMMS2020), Springer, 2021, 311-316. 

19. Azami A, Salahshournejad Z, Shakouri E, Sharifi AR, 

Saraeian P. Influence of nano-minimum quantity 

lubrication with MoS2 and CuO nanoparticles on 

cutting forces and surface roughness during grinding of 

AISI D2 steel. Journal of Manufacturing Processes. 

2023; 87:209-220. 

20. ST PK, HP TP, Siddaraju C. Investigate the effect of 

Al2O3 & CuO nano cutting fluids under MQL 

technique in turning of DSS-2205. Advances in 

Materials and Processing Technologies. 2022; 

8(3):3297-3330. 

21. Godson L, Raja B, Lal DM, Wongwises SEA. 

Enhancement of heat transfer using nanofluids—an 

overview. Renewable and sustainable energy reviews. 

2010; 14(2):629-641. 

22. Hemalatha J. A Review of:‘Nanofluids: Science and 

Technology, SK Das, SUS Choi, W. Yu, and T. 

Pradeep’ John Wiley & Sons, Inc., Hoboken, NJ, USA, 

2008, 397 pages, ISBN 978-0-470-07473-2.” Taylor & 

Francis, 2009. 

23. The-Vinh Do, Thanh-Dat Phan. An empirical 

investigation of SIO2 nano concentration under MQL 

on surface roughness in hard milling of jis SKD61 steel. 

Journal of Applied Engineering Science. 2020; 

18(3):432-437. 

24. Minh Hung Vu, The Vinh Do, Minh Hue Pham Thi, 

Quoc Manh Nguyen. The Impact of Cutting Conditions 

and Cooling Lubrication on Hard Milling of SKD11 

Alloy Steel-An Approach Using the Taguchi Method. 

International Journal of Mechanical Engineering and 

Robotics Research, January 2024; 13(1):1-10. Doi: 

10.18178/ijmerr.13.1.1-10. 

25. Aslan A, Salur E. Applications of Nanofluids in 

Minimum Quantity Lubrication Machining: A Review. 

In Nanomaterials in Manufacturing Processes, CRC 

Press, 2022. 

26. Do T-V. A Case Study of Minimizing Cutting Force in 

Hard Milling JIS SKD61 Steel Under Nanofluid-MQL 

Condition. In Advances in Engineering Research and 

Application: Proceedings of the International 

Conference on Engineering Research and Applications, 

ICERA 2021, Springer, 2022, 12-18. 

 

http://www.multiresearchjournal.com/

